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Abstract: This paper explores “the difference that may come to make a bigger 
difference” (ie the future effects of information). It uses insights gained in a 
European project, TELMAP, which is exploring possible Education Futures.  

With hindsight, it is sometimes possible to reach consensus on what counts as 
noteworthy individual events and/or wider trends that together were significant 
precursors to today’s world. Such events and trends are often called Weak 
Signals, which emphasizes the Magnitude dimension of the signals. Useful extra 
insight can be gained from considering the shape of the first- and second-degree 
polynomials that best approximate the behaviour of the signal over time. 

Hindsight may also show us that we are poorly calibrated in information terms: 
we ignore some weak signals that turn out to be important, and we pay too much 
attention to other events and trends, concurrent with the weak signals that we 
spotted, that seem of comparable importance early on, but gradually turn out to 
be less important. What ideas and approaches might help us to enhance our 
ability to discriminate between Valuable Weak Signals (that are helpful in 
anticipating the Future that eventuates), and Unreliable Weak Signals? (The latter 
are like ‘Fool’s Gold’ to ill-informed people, who may confuse them with 
Valuable weak signals, and so may make over-optimistic estimates of the 
likelihood of a future-that-never-happens.)  

We consider some case examples and end with speculation.  

The examples consider boundaries between innovations in science, technology 
and technology-enhanced learning, which highlight some of the issues and 
opportunities that arise in appraising multiple sources of information, covering 
multiple domains. In particular, we consider two approaches: data mining in 
social and professional networks and the structured contextualisation of interview 



data from domain experts. The latter, more qualitative, information is meant to 
provide a benchmark to see how and where computational and human 
interpretations diverge. The integration of both approaches aims to help 
observers of candidate weak signals to compensate for deliberate or unrecognised 
over-selectivity and bias in choosing sources of information; noticing items of 
information from those sources; and using processes for making sense of that 
information. 
 
In conclusion, we speculate about possible combinations of analytical services and 
information bridges, within the Open Research paradigm, that could circumvent or 
minimize the effects of undesirable externally-imposed personalization and/or other forms 
of filters that could hinder the adoption within TEL, Technology Enhanced Learning, of 
innovations in Science and Technology. 

 

 
(This picture of “Open Research” was published on p. 23, Figure 17, of Naeve, 2005; it is a 
placeholder for a 2011 version of the picture, which will appear in the full version of the 
paper and will include Compensatory Information Filtering elements and dynamics) 
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